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Knowledge granularity incremental attribute reduction algorithm
based on neighborhood relation

CHEN Xi'2, LIU Jing®

(1 School of Management, Huazhong University of Science and Technology, Wuhan 430074 ,China;
2 Wuhan Railway Vocational and Technical College, Wuhan 430200, China)

Abstract: In order to study incremental attribute reduction in neighborhood information system, an incremental
attribute reduction algorithm of neighborhood information system is constructed by using neighborhood knowledge
granularity. Firstly, the knowledge granularity of information system is extended in the neighborhood information
system, and the neighborhood knowledge granularity is proposed. Secondly, the incremental updating mechanism of
neighborhood knowledge granularity is studied for the case of attribute increase. Finally, the corresponding

incremental attribute reduction algorithm is designed based on this mechanism. Experimental results show that the

incremental algorithm has high dynamic attribute reduction performance.
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